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ASSESSMENT OF THE EDUCATIONAL AND ECONOMIC POTENTIAL OF CONTENT CREATED BY
ARTIFICIAL INTELLIGENCE

The article examines the educational and economic significance of multimodal content created using artificial intelligence
technologies. It is determined that the use of content affects not only the quality of learning by students, but also the formation of
new approaches in the digital economy of education. It is shown that the study was conducted using eye-tracking technology, which
made it possible to analyze more deeply the cognitive processes of perceiving Al-generated content. It is shown that the
experimental 2x2 design with the participation of 30 economics students made it possible to analyze modified and unmodified
materials supplemented with diagrams and flowcharts created using artificial intelligence. The metrics of gaze tracking (duration
of fixations, saccade trajectories, areas of interest) were analyzed, which made it possible to identify patterns of cognitive
engagement and determine the impact of Al content on test results. The results of the study showed that multimodal materials
created using artificial intelligence ensure a more even distribution of students' cognitive resources and increase their academic
performance. It was found that prolonged fixation on visual elements positively correlated with the success of tasks (r =0.45, p <
0.05), while excessive saccade length was negatively associated with learning outcomes (r = -0.38, p < 0.05). The scientific novelty
of the work lies in the integration of educational and economic aspects of the use of artificial intelligence. It is shown that the
development of digital technologies and their introduction into the educational process contribute to an increase in the effectiveness
of personnel training, the formation of new models of educational services and an increase in the competitiveness of the knowledge
economy. The practical significance of the research lies in providing recommendations on optimizing the design of multimodal
educational materials and increasing their cost-effectiveness.

Keywords: artificial intelligence, educational technology, multimodal content, eye-tracking, cognitive engagement, visual
aids, engagement patterns.

Kinm ce3dep: 6inim Oepy mexHONO2UANAPBI, HCACAHObI UHMELLEKM, MYIbMUMEOUATbIK MA3MYH, KO3 KUMbLIOAPLIH
Kaoaganay, KOZHUMUSMIK KAmulcy, KOPHEKI KYpanoap, MiHe3-KYIblK yaciiepi.

Knioueevie cnoea: uckyccmeenmvili UHmMeNIeKm, 00pazogamenvHvie MEXHONO2UY, MYIbMUMOOANLHYIL  KOHMENN,
omcnexcusanue 8321:0d, KOZHUMUBHAS B0GIEUEHHOCMb, 6U3YAbHbIE NOCOOUS, NOBeOeHYeCKUe WADNIOHD.

Introduction. The integration of artificial intelligence (Al) with learning is transforming traditional learning
with fresh tools and processes. Generative Al tools like ChatGPT open up new possibilities for creating customized
and interactive learning content to enrich the learning experience. However, Al deployment in schools raises critically
important questions about reliability, ethics, and whether and to what extent Al supplements educational attainment.
Also, there is limited research on the cognitive value of Al-generated multimodal materials, especially whether and
to what extent they enhance understanding and memory recall. This study fills these gaps with research on how
learners utilize Al-facilitated learning materials and their impact with advanced eye-tracking apparatus.

According to the McKinsey Global Institute, Al technologies could contribute an additional global gross
domestic product (GDP) growth of approximately $13 trillion by 2030, corresponding to an extra 1.2% annual GDP
growth. If these forecasts materialize, AI’s impact will be comparable to other general-purpose technologies in history.
For instance, introducing steam engines in the 1800s increased labor productivity by approximately 0.3% per year,
robots in the 1990s by around 0.4%, and new information and communication technologies (ICT) in the early 2000s
by 0.6% [1].

Experts have analyzed the five most common Al technologies: computer vision, natural language processing,
virtual assistants, robotic process automation, and advanced machine learning. The initial data included survey results
from approximately 3,000 firms across 14 industries and economic indicators from various international organizations.
The calculations indicate that by 2030, around 70% of companies will be able to implement at least one type of Al
technology, and at least 50% will have fully adopted all five [1, p.16].

Many developed countries are already driven to accelerate the adoption of Al technologies to boost productivity
growth, as their GDP growth rates tend to decline - mainly due to population aging. Furthermore, high wage levels in
these countries increase incentives to replace human labor with machines. Leading nations in Al adoption are
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converting their advancements into tangible economic benefits. Specifically, economically developed countries could
gain an additional net financial benefit of 20-25% by 2030 by developing and implementing Al technologies [2]. In
this context, integrating Al-driven teaching methods is becoming increasingly relevant.

The main focus of this study is to examine cognitive engagement and learning effectiveness associated with
multimodal content created using Al. This study evaluates how students perceive, process, and recall material
generated with Al, such as diagrams and flowcharts embedded in texts.

The experiments employed a 2x2 fractional factorial design for the proposed objectives. Cognitive processes
were identified by collecting eyetracking measurements such as fixation durations, parafoveal magnitudes and AQls.
The subjects were undergraduate economics students who had already taken at least an introductory course in
economics. The contents were original articles and Al-modified articles, thus, engagement and effectiveness of
learning could be compared between them. Statistical analyses The data were analyzed using standard statistical
method, and a reliable result that can be reproduced was obtained.

This work adds to the growing body of Al in education. It offers evidence-based guidelines to produce successful
educational materials that are digitally enhanced with Al. Practical considerations in the optimization offer to
minimize bandwidth requirements.

Literature review. A key sign of artificial intelligence growth is how much IT Kazakhstan ships out, which
jumped in 2023. Exports should hit $546.7 million, with $315.4 million from Astana Hub project members. These
companies exported services and products to 86 countries, including the United States (USD 118.7 million), Russia
(USD 34.5 million), Ireland (USD 30.3 million), and others. Of the 1,400 registered IT companies, 394 (28%) are
exporters, which underlines the country's significant potential on a global scale. Among the exported IT services, the
following areas stand out: software development (hereinafter referred to as software), GameDev, SaaS (Software as a
Service), corporate and platform software, and artificial intelligence. Despite significant progress, the share of
artificial intelligence in total exports remains relatively low, which opens new opportunities for growth and
development. The development of artificial intelligence is a new technological revolution that opens unique
opportunities for Kazakhstan to accelerate the growth of IT exports, create innovative projects, and create technology
unicorns [3].

According to the Global Al Report 2024, spending on artificial intelligence in 2024 will double be compared to
2023, averaging $2.5 million per company. A PwC study shows that global GDP could be 14% higher by 2030 thanks
to Al - equivalent to an additional $15.7 trillion - making Al the most significant business opportunity in today’s
rapidly changing economy. According to a McKinsey report, advanced analytics, traditional machine learning, and
deep learning can create additional economic value. At the same time, generative Al can deliver an additional 35—
70% economic impact through new use cases and increased productivity.

The US, China, the EU, and the UK retain their leadership in creating the best artificial intelligence models. In
2023, 61 Al models were developed in US institutes, while the EU and China had 21 and 15 models, respectively.
According to a PwC study, thanks to artificial intelligence, the Middle East's and developed Asia's GDP could grow
by an average of 10.4% by 2030 [4].

Al technologies will largely determine countries' competitiveness and societies' security levels. The economic
impact of Al may be more substantial than other general-purpose technologies. However, the positive effects of Al
are likely to be delayed. Therefore, the benefits of initial investments in Al may not be noticeable in the short term.
At the same time, research shows that the impact of Al on economic development will increase over time. At the same
time, there is a risk of widening the technology gap between those who quickly adopt these technologies and those
who do not, as well as between workers with relevant skills and those who do not [5]. Therefore, the benefits of Al
are likely to be distributed unevenly. Moreover, if these technologies are not developed and implemented rationally,
inequality will deepen, fueling various socio-economic conflicts. Leaders who determine Al implementation policies
must use long-term strategic planning methods to overcome the negative effects of automation and digitalization of
production processes. At the same time, companies implementing Al should work closely with government agencies
to address the large-scale task of training and retraining personnel to work with these technologies. In turn, people in
these conditions must constantly improve their skills to meet new types of employment and the needs of a dynamically
changing labor market.

Main part. The rapid development of generative artificial intelligence (Al) technologies, particularly Al-based
chatbots such as ChatGPT, has had a significant impact on various fields, including education. These intelligent
systems offer a range of advantages: they can enrich the educational process by adapting to the needs of teachers and
learners, partially fulfill instructional functions, enhance the efficiency and effectiveness of learning, and provide
personalized learning experiences that may ultimately lead to improved educational outcomes [6], [7], [8], [9], [10].

At the same time, the integration of Al into education brings several challenges, including concerns about validity
and reliability, ethical issues, data privacy, and the potential for bias. Moreover, educators need to be trained in the
effective use of Al tools. Research shows that students generally perceive Al technologies positively, recognizing
their value in supporting learning activities. The potential of Al to transform educational practices by increasing
accessibility, efficiency, and student engagement highlights its substantial impact on the development of the education
sector [11], [12], [13].
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We assume that implementing artificial intelligence (Al) in education technology can enhance learning
outcomes. Al-generated multimodal content, such as text, images, video, and interactive elements, can improve
learners' interaction with educational material. This study explores the benefits of integrating Al-generated multimodal
content in the educational environment. The main goal is to analyze how learners interact with such content using
advanced eye-tracking technology. The study is devoted to assessing the impact of Al-generated learning materials
on students’ cognitive interest, memory, and academic performance, as well as evaluating their effectiveness as a
learning tool.

This study explores whether eye-tracking can help us understand whether Al-powered educational materials are
effective or not.

We want to know:

1. The results of a quantitative test on students, using eye-tracking: research was done by monitoring of indicators
such as how long students look at something, where they look, and what specific objects they look at, to understand
how they react to materials when trying to learn.

2. Whether the eye-tracking test reflects how well the student actually understands and remembers what they
have seen in educational materials by Al.

3. How do we know if a student is interested or not by looking at their eye movement?

4. How to analyze the results of the eye tracking to help create materials that are effective — and use Al as the
tool to make the materials.

5. The results will be used to make an analysis for teachers and for the industry, so that teachers can understand
how to best use Al-generated materials to improve students’s learning.

Research Questions

1. What is the relationship between eye-tracking measures of interaction with Al-generated content and learners'
comprehension and retention of the material?

2. Is eye-tracking appropriate for evaluating cognitive processes during learning experiences?

3. How do learners' responses to Al-generated content influence their learning experience?

The framework connects various elements contributing to students' academic achievement, including eye-
tracking metrics, quizzes, surveys, educational materials, and Al-generated flowcharts, refer to Figure 1. These
components influence reading comprehension, a crucial factor leading to academic success.

Eye Al generated
LEEGS flowcharts
metrics
Quiz Reading Academic
comprehensio achievement
Educational
Survey materials

Figure — 1. The Framework for Analyzing Learning Outcomes*
*compiled by the authors

These visual materials illustrate the relationship between input data (such as eye-tracking metrics, tests, and
surveys) and their impact on learning outcomes. Specifically:

* Eye-tracking metrics provide data on the distribution of interaction and attention with Al-generated content.

* Tests assess the retention and application of knowledge as a measurable indicator of learning.

* Surveys gather qualitative insights into students' experiences and perceptions.

» Al-generated flowcharts and learning materials facilitate comprehension and support the development of
reading comprehension skills, ultimately influencing academic performance.

1. Lower level (Remembering and Understanding)

*» For example, materials are created at the first level to remember and recall basic facts.

* You could even find traditional text-based materials at this level. These help you understand and start to build
a knowledge base about a topic.

2. Intermediate level (Applying and Analyzing)

* At this level, materials tend to be more complex, like Al-generated multimodal content such as flowcharts and
diagrams. These can help you take theoretical knowledge and apply it in real world situations.

* They also help you analyze information by finding relationships and patterns. This type of thinking helps you
work on your critical thinking skills.
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3. Higher level (Evaluating and Creating)

* Tasks at this level are usually quite complex and require you to draw on a bank of knowledge and to work on
your own.

 Some Al-assisted tools help you to break down complex tasks and get to work on them. They also can help you
foster the creativity and make thinking of the 21st century.

Introducing multimodal components at every cognitive level fosters a comprehensive strategy for skill-building.
By weaving conventional resources with Al-generated materials, this approach serves a range of educational
requirements while aiming to optimize student attention and academic results.

The study involved 30 undergraduate students who had completed at least one semester of economics, which
provided them with a sufficient foundation to understand multimodal content.

Stimulus. Two articles were used in the study: “Mapping Your Competitive Position” by Richard A. D’ Aveni,
published on the Harvard Business Review website, et al. An Al-generated flowchart, created by ChatGPT 4.0, was
included at the end of these articles to enhance comprehension and memorization. This integration of Al-generated
visual aids exemplifies the practical application of Al in creating effective educational materials. Eye-tracking
technology will quantify learners' attention to the content and its elements (text, diagram, and flowchart) and compare
attention metrics. Metrics such as fixation durations, saccadic trajectories, and AOIs will analyze learners' attention
allocation and cognitive processing patterns. The study aims to establish a clear link between attention and
performance by correlating eye-tracking metrics with learning outcomes. This experiment is a 2 (Article Structure:
Al-modified/non-modified) x 2 (Article) fractional within-subjects design. Participants will read two articles, one for
each level of Article Structure.

The study has three parts. In Part 1, participants read Text 1 and answer related questions. In Part 2, participants
read Text 2 and respond to associated questions. In Part 3, respondents give their experience feedback. Preliminary
analysis combined an extensive analysis of eye-tracking data to determine attention patterns with multimodal content
created with Al. Data was gathered on fixation times, saccadic movements, and areas of interest (AOIs) on Al-altered
and unaltered edutainment materials.

Histograms of Attention Metrics (Figure 2): Histograms revealed distinct engagement patterns. For Al-modified
content, the distribution of fixation durations was more uniform, suggesting consistent engagement across various
content elements. In contrast, non-modified content exhibited a more variable distribution, with certain sections
receiving disproportionately higher or lower attention. This finding indicates that Al-generated content may facilitate
a more balanced distribution of cognitive resources.
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Figure — 2. Attention indicators
*compiled by the authors
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Correlation analysis (Figure 3): To quantitatively assess the relationships between eye-tracking metrics and
learning outcomes (test scores), a correlation matrix was created.

Al_Article

Figure Article

Text_Article

Al_Article Figure_Article  Text_Article Quiz_Score

Quiz_Score

Figure — 3. Correlation Analysis
*compiled by the authors

Here's what we found:

Looking Time: Those who looked longer at the Al images usually scored a bit higher on the test (r = 0.45, p <
0.05). So, taking your time to observe appeared to assist a person grasp things better.

Eye Movements: People whose eyes moved around fast tended to not do well on the test (r = -0.38, p < 0.05).
Perhaps lots of erratic eye movement made it harder to understand, mainly with the usual content.

Focus Points: The Al-generated charts and pictures caught people’s attention. Focusing on these was tied to better
scores on questions about those parts (r = 0.52, p < 0.01).

We checked out where people looked most using heatmaps, which show eye movement hot spots. Heatmaps for
Al-modified content demonstrated higher gaze concentration on key informational elements (e.g., Al-generated
flowcharts), whereas non-modified content showed dispersed gaze patterns, indicating less focused attention.

Participants' feedback highlighted the intuitive appeal of Al-generated content. Many users reported that
flowcharts and diagrams assist them in organizing and understanding complex information, which results in increased
engagement and better retention.

This feedback supports the quantitative results, highlighting the possible advantages of Al-enhanced educational
materials. A strong connection was found when comparing attention metrics with learning results. Participants who
spent more time fixating and had shorter saccadic paths on Al-generated visuals consistently performed better on
comprehension tests. This indicates that Al-created visual aids attract attention and promote deeper thinking, leading
to improved information retention.

The fine-grained analysis of eye-tracking records provided an indication of cognitive processes while working
with educational content. For instance, longer fixation duration on Al-diagrams implies deeper processing, which
likely boosts comprehension and recall. However, a high frequency of saccadic movements within unaltered content
indicates confusion or difficulty in identifying important information.

We used heatmaps to check out how people were looking at things and where their eyes were drawn. Looking
closely at the eye-tracking data gave us a clue about what students were thinking when they were learning stuff. For
example, if someone stared at an Al picture for a while, they were really trying to get it, which probably helped them
understand and remember it better. But if their eyes darted all over the place when looking at regular stuff, they were
likely puzzled or struggling to figure out what was important.

The numbers all checked out (p < 0.05), so we can trust the results. The bottom line is that Al-created content
seems to make learning better by grabbing people's attention.

This study is a big deal for educational tech because it's the first one to show that Al content can really make
learning better. The results give us ideas on how to make learning stuff that matches how students think, which could
change how we teach.
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In this study, we used eye-tracking to get a better handle on how people learn. It gives us proof showing that
understanding and visual attention are linked, which helps build up thinking smarts and create smarter educational
tools.

This article puts together educational technology, thinking smarts, and Al, which will hopefully get different
fields working together. What we found is helpful for teachers, learning designers, Al users, and thinking smarts
students, and it backs up teamwork to make teaching better.

The advice from this study can boost teaching by showing how Al content makes learning more interesting and
understandable. This can make classrooms more interactive and tailored to each student, which means students will
do better.

Conclusion. This research indicated the learning potential of multimodal Al-composed content to advance
learning achievements, particularly comprehension and academic performance. We determined that Al-crafted
diagrams and flowcharts had the potential to considerably enhance cognitive resource allocation and test scores. Eye-
tracking data offered insightful information on student attention, with gaze behavior and academic attainment
associations.

The originality of this study lies in the use of eye-tracking equipment to evaluate the effectiveness of Al-
generated learning materials. The paper presents empirical data on their impact on cognitive processes. Practical
recommendations include fine-tuning the design of multimodal instructional materials to enhance interactivity and
personalize the learning environment.

This study's findings could help create Al learning tools that fit different learning styles. We need more research
to see how Al resources affect different schools, age groups, and subjects over time, so we can use them better.

This study sets the stage for looking at the future effects of Al content and how it changes education. It stresses
how important custom learning and emotions are, giving us a base for more studies.

This research has funded by the Science Committee of the Ministry of Education and Science of the Republic of
Kazakhstan (Grant No. AP25796417 «Development of a model for student-Al interaction in the context of higher
education digitalizationy).
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KasbibaeBa A.M., KyrTni6aeBa H.b., PaiixanoBa I'.A., CagbikoBa A.

KACAHAbI MHTEJUIEKT APKBIJIBI )KACAJIFAH KOHTEHTTIH BIJIIM BEPY )KOHE 9KOHOMMHMKAJIBIK
O9JIEYETIH BAFAJIAY

AngaTna

Makanaza sxacaH/(bl HHTEIUIEKT TEXHOJIOTHSUIAPBIH KOJIIaHy apKbUIBI )KacalFaH MYJIbTHMOAANIBIBI Ma3MYHHBIH OiltiM Gepy
’KOHE SKOHOMHKAJIBIK MaHbI3bl KapacThIpbLIaabl. Ma3MyHbI Maiianany OuTiM amyisuiapabiH O1TiMIl Urepy carachlHa FaHa eMec,
COHBIMEH KaTtap IH(pIbIK 6i1iM Oepy SKOHOMHKACHIHAA KaHa TOCUIAEP Il KNI TACTEIPYFa Ja OCEp €TEeTiHI aHBIKTAJIbL. 3epTTey
KO3 KO3FaJIbICHIH 0aKpLIay TEXHOJIOTHACHIH KOJNJAaHy apKbUIBI )KY3ere achIpbUIFaHbl kepcerinmi, oy KU -KOoHTeHTTI KaObuinay
KOTHUTHUBTIK YAEpiCTepiH TEPEHIpEK TalmayFa MyMKiHAIK Oepi. 30 5KOHOMUCT CTYEHTTEP/AiH KaTBICYbIMEH 2X2 SKCTIEPUMEHTTIK
JIM3aiiH jKacaH/bl MHTEUIEKT KOMETIMEeH jKacalFaH JuarpaMManap MeH OJIOK-CXeMallapMeH TOJBIKTHIPBIIFAH ©3TepTUITeH KoHe
©3repTiJIMEreH MaTepuasap/asl TajagayFa MyMKiHAIK OepreHi kepcetiareH. Kesni Gakpuiay kepceTkimirepi (OeKiTy y3aKTBIFBI,
CaKKaJ TPaeKTOPHUsIIAPHI, KbI3BIFYLIBUIBIK aiiMaKTapbl) TalAaHIbl, OyJl KOTHUTHBTI KaThICY 3aH/IbUIBIKTAPbIH aHBIKTAayFa JKoHe ai
Ma3MYHBIHBIH TECTiJIeY HOTIIKENEpiHe acepiH aHbIKTayFa MyMKIH/IK Oep/ii. 3epTTey HoTIKeIepi )KacaH/Ibl HHTEIJIEKT KOMeriMeH
)KacaJFaH MyJbTUMOJAJIbIBI MaTepuasgap OiTiM amyIibUIapblH TaHBIMIBIK PECYpCTapbIHBIH Oipkeski OeliHyiH KaMTaMachl3
STeTiHIH aHEe OJIap/IbIH OKY YJIrepiMiH apTThIPaThIHBIH KepceTTi. KepHeki 31eMeHTTepaeri y3aK GuKcanusiap TarncepMaiapIbiy
COTTUIrIMEH OH KOppeNIIsIaHaTBIHGl aHBIKTanAs! (r = 0,45, p < 0,05), anm cakkaaTapAblH IIaMaJaH THIC Y3BIHIBIFEI OKY
HOTWXKenepiMeH Tepic OaitnanpicTsl (r = -0,38, p < 0,05). YKYMBICTBIH FBUIBIMU >KaHAJBIFBI )KaCaHbl MHTEIUIEKTTI KOJIaHYIbIH
Oinmim Oepy KoHE IKOHOMUKAIBIK ACTIEKTUIEPiH OipikTipyne Katblp. L{uppiabK TEXHONOTHUIIAPIBI TAMBITY JKOHE OJIapAbl OlTiM
Oepy IpolieciHe eHTi3y Kaaplap bl Jaspiay THIMIUTITiHIH ecyiHe, O11iM Oepy KbI3METTEpiHiH ®KaHa MOAEIbIePiH KATBINTACTHIPYFa
KoHE OUTIM SKOHOMHKACHIHBIH Oocekere KaOiNeTTUNIrH apTThIpyFa BIKMNA ETETiHI KOPCeTUNreH. 3epTTeyliH NPaKTHKAIBIK
MaHBI3/IbUTBIFBI MYJIBTHMOIAJIB/IbBI OKY MaTepHAIAapbIHBIH AN3aHHBIH OHTAWIAHBIPY HKSHE OJapIbIH SKOHOMUKAIBIK THIMIUTITiH
apTTHIpy OO¥ibIHIIA yChIHBICTAp Oepy OOJIbIN TaObLIA/BL.
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OLHEHKA OBPA30OBATEJIBHOI'O U SdKOHOMMWYECKOT' O IOTEHIHUAJIA KOHTEHTA, CO3JAHHOI'O
HUCKYCCTBEHHBIM UHTEJIJIEKTOM

AHHOTAIUS

B cratee paccmoTpeHo 00pa3oBaTeNbHOE W IKOHOMHYECKOE 3HAYCHHE MYJIBTHMOJANGHOTO KOHTEHTA, CO3JAaHHOTO C
NIPUMEHEHNEM TEXHOJOTUIl HCKYCCTBEHHOTO WHTe/UIeKTa. lccienoBaHne peal30BaHO C NPHMCHEHHEM TEXHOJOTHH
OTCJISKMBAHMS B3I/, YTO TO3BOJIMIIO OoJiee TTyOOKO NMPOaHAM3HPOBAaTh KOTHUTHBHEIE ITporecchl BocnpusaTist U -koHTeHTa.
OmpenenieHo, YTO HCIOJb30BaHUE KOHTEHTa BIMACT HE TOJBKO HA KayeCTBO YCBOCHHUS 3HAHMH OOYyYarolIMMHCS, HO M Ha
(bopMHpOBaHHE HOBBIX MOAXO0JOB B IH(POBOI IKOHOMHKE 00pa30BaHMUs.

OKCIEepUMEHTANbHBI  au3aiiH  2x2 ¢ yyactueM 30  CTYAEHTOB-KOHOMHCTOB IIO3BOJII IPOBECTH aHAIM3
MOAU(UINPOBAHHBIX M HEMOJIM(UIMPOBAHHBIX MAaTEPUAJIOB, JOMOJIHEHHBIX AMarpaMMaMH M OJIOK-CXeMaMH, CO3AaHHBIMHU IPH
TIOMOIIM HMCKYCCTBEHHOTO HHTEIUIEKTA. [IpoaHalM3MpOBaHBl METPUKH OTCIESKHMBAHMS B3MIIAA (JUIMTENBHOCTH (HKCAIHi,
TPAaeKTOPUH CaKKaJ, 30HbI HMHTEpeca), YTO HAI0 BO3MOXHOCTH BBIIBHTH 3aKOHOMEPHOCTH KOTHHTHBHOW BOBJICUCHHOCTH H
omnpenenuts BausHue MV-KkoHTeHTa Ha pe3yIbTaThl TECTUPOBAHNS.

PesynbraTs! Hecne0BaHUS OKa3alIH, YTO MYJIbTHMO/JaIbHBIE MaTepHAbl, CO3JaHHBIE C HCIIOJIB30BaHUEM HCKYCCTBEHHOTO
MHTEJJIEKTa, 00ecreynBaloT Oojiee paBHOMEPHOE PAacCIpe/ielieHHe KOTHUTHBHBIX PECYpPCOB OOYYAIOIIMXCS M IOBBILIAIOT HX
aKaJIeMHUYECKYIO YCIIEBACMOCTh. BBISBIICHO, UTO JUTHTEbHbIE (PHKCALIMU HAa BU3YaJIbHBIX JJIEMEHTAX MOJIOXKHUTEIBHO KOPPEIUPYIOT
C YCHEHIHOCTBIO BBIMONHEeHUs 3amanuil (r = 0,45, p < 0,05), Torma kak 4pe3MepHas UIMHA CAaKKall OTPHUIATEIFHO CBs3aHA C
pesyabraramu obyuenus (r = -0,38, p < 0,05).

Hayunass HoBHM3Ha paboTHI 3aKiIOYaeTCs B MHTETPAIMM 0Opa30BAaTENBHBIX M SKOHOMHYECKHX ACIEKTOB HCHOJB30BaHMS
HCKYCCTBEHHOT0 MHTelUIekTa. [loka3aHo, yTo pa3BHTHE HU(POBBIX TEXHOJOTHH M NX BHEAPEHHE B 00pa3oBaTENbHBIH IpoIece
CIOCOOCTBYIOT POCTY 3({EKTHBHOCTH MOATOTOBKH KaJpoB, (POPMHPOBAHMIO HOBBIX MOJENEH 00pa3oBaTEIbHBIX YCIyT H
MIOBBIIICHUIO KOHKYPEHTOCHOCOOHOCTH JKOHOMHUKH 3HaHMi. [IpakTHdeckas 3HAUMMOCTb WCCIEIOBAHUS 3aKiIiodaeTcs B
NPEJOCTABICHUM PEKOMEHIAIMII M0 ONTUMHU3ALMH JHU3aiiHa MyJbTHMOJAIBHBIX Y4EOHBIX MaTepHaJoB M IIOBBIICHUIO HX
9KOHOMHYECKOH 3P PEKTUBHOCTH.
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